Al WINTER
IS NOT COMING
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AGENDA

getting real with Al
Al winter
A

1
2
3 summer
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Is Al a robotman standing in front of an extremely

large (touch?)screen with random zeros and ones, with

some circuitboards thrown in?

Is Al a brainlike structure that is connected with
random images that don't tell us anything about the

practical case?
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WHAT IS ARTIFICIAL INTELLIGENCE?

PROBLEM

Intuitive knowledge is hardly transferable. Building an intelligent agent through
explicit hardcoding of insights is unmanageable.

SOLUTION

A.l. iIs machine intelligence gathered by experience, without explicitly programming
where to look.
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DEEP LEARNING I creating artificial intelligence
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AGENDA

1. getting real with Al
2. Al winter
3. Al summer
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. [
Every Al team feels the same pains. -
* deployment

Many projects get lost in translation. e

d
*  new model expertise
[

d
" post-processing
[

d
* data labeling

data pre-processing
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AGENDA

1. getting real with Al
2. Al winter
3. Al summer
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DEEP LEARNING I decision type

Image
classification

Is there a deer in the
image?

Object detection

Where in the image
is the deer?

Image
segmentation

Where exactly is the
deer? What pixels?

Image Similarity

Which images are
similar to the query
image?
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THE GAP I getting real with Al

]

FROM ...

“throw some Al on that problem”

“let's do something with Al”

TO ...

“we did it! that wasn’t as hard as | thought!”

“I completely understand how it works how”
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THE GAP I creating artificial intelligence

1 2

break it down,
and again

clear problem
definition

f/

FROM ...

“throw some Al on that problem”

“let's do something with Al”

3 &

collect the let Al take the
necessary info decisions
TO ...

“we did it! that wasn’t as hard as | thought!”

“I completely understand how it works now”
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EXAMPLE | Amazon Go . \N\

amazongo E »

Welcome to Amazon Goandthe .+~
world’s most advanced shopping
technology. No lines, no checkout—
just grab and go!
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EXAMPLE I Amazon Go

1 2 3 4

clear problem break it down, collect the let Al take the
definition and again necessary info decisions
/.Ji
“We need a system that knows 1. product recognition
which products are taken home 2. action recognition
by which customers.” 3. people detection + tracking

“We need a system that knows:
1. which products
2. are taken home
3. by which customers.”

1. deep learning model A
2. deep learning model B
3. deeplearning model C + D
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EXAMPLE I Amazon Go

1 2

clear problem break it down,
definition and again
/.Ji
Management Consulting Management Consulting

3 &

collect the let Al take the
necessary info decisions
Data science Robovision Al
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ROBOVISION Al PLATFORM | Al made easy

ROBOVISION Al

Al - v2:1.2 - PREMIUM
NIH_kidney
kidney .
polygon
Use Predictive Labeling
Tool Select
@ create c
V4 edit
L} delete d

Also Labeled By

kidney21 1
kidney25 1
kidney38 1
kidney62 1

nih7

[
PROJECTS

[ 2
ABELER

o)

BACKUPS

(]

ADMIN

4

let Al take the
decisions

Robovision Al
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we put silicon intelligence to work in three main domains

agriculture manufacturing people intelligence
automation quality control safety
automation surveillance
monitoring security
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use Case



Staying relevant
through lighthouses

We work with the NIH to develop 3D deep
learning models of organs using crowd
labelling.

National Institutes

of Health




ORGAN SEGMENTATION | context




STEP 1 I data & annotations

dj"'. ROBOVISION Al @ » > (<) 2 s -
o/ R 2.1.2 - PREMIUM = e | 2 admin | 2
G PROJECTS LABELER BACKUPS ADMIN
NIH_kidney
kidney
polygon
Use Predictive Labeling
Tool Select
9 create
Va edit e
L] delete

Also Labeled By

kidney18 2




STEP 2 | model selection & training + validation

Vv ID

28

33

7, Algorithm

instancesegmenta

instancesegmenta

instancesegmenta

f, Name Progress
DATA LABEL
NIH_kidney ol =
1000 img. 100% labeled
NIH_val DATA LABELS
919 img. 0% labeled
o DATA

NIH_training _

0img. 0% labeled

MODEL

81.46% performance

MODEL

No model trained.A

No model trained

Train Model

ALGORITHM
NAME instancesegmentation

{

CONFIG
DATA

NO. LABELED IMAGES 1000
> NO. TRAINING IMAGES 700
> NO. TESTING IMAGES 300

TRAINING PERCENTAGE

MODEL
Create new model (@) Improve existing model

SAVE BACKUP CANCEL START TRAINING
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THE NEXT WAVE | owning intelligence




AISTORE

FILTERS

> industry

> company
> price

> material

ROBOVISION Al

Al - v2.0.4 - PREMIUM

7» $0.25 /tc Kt

‘/4’:\ y\

|t ))' \4

Wheat model
detection

$0.01/tc

PVC

segmentation

) $0.02 /tc

aistore.robovision.ai S ¢

Ind. textiles Iron nails Plastic bott!

detection classification detection

- $085/tc

Glass fibre Cars Road damac

detection detection segmentati
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And we are already fueling Al

model trading worldwide.
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TIPS & TRICKS I qualifying use cases

1. If a person can easily spot it, then deep learning can as well

2. The quality of your data determines everything (see point 1)

3. Make sure you have a dataset of about 1,000-2,000 images to start with
4. If your model is not strong enough yet, then just collect more data

5. Ifthe problem is too complex, break it down into smaller decisions

6. You can train your first model on the first day

7. Getting to 99% accuracy is 10x harder than getting to 90% accuracy

8. Use Al as a tool: you might not solve the total problem, but a hybrid might
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+32 475 385 528
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